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Main Findings

, o . . DA Mechanics —(1) While many participants understand DA,
Can changing descriptions improve understanding? Description (2) such understanding does not imply

Main QLIGStiOI"ISt How well do participants understand
Deferred Acceptance (DA), and the strategyproofness (SP) property?

(DA) The DA matching mechanism Strategyproofness Ranking Behavior

>
In DA Rounds
* How to “mechanically” calculate DA’'s outcome (DA Mechanics)

Understanding Test

, . , , o . understanding of strategyproofness.
In an incentivized lab experiment, we describe to participants either:

(SP) The strategyproofness property (3) However, a novel (4) While behavioral effects

SP Property

* Namely, (i’s match)(>;,>_;) =; (i’s match)(>%, =_;) (SP Property) Description menu description are small on average,
of strategyproofness participants with high levels
We describe (DA) or (SP) to participants (in either classical or novel conveys this of SP-understanding play
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esigned tests, and track errects ot participants’ rankin enavliolr. :
5 ’ P P 8 other treatments strategy at very high rates.
Experiment Flow How Do We Train Participants On Our Descriptions? (1) Many Participants Understand DA
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using one of five different descriptionS. P g . For DA Mechanics: non-hand-held training questions; In Menu-DA this i1s 68%
We train participants on these descriptions, then they play 10 rounds of DA, ] : Detailed training (2) But, understanding DA doesn’t imply understanding SP
then we measure SP understanding using novel tests. A T R modules where * In (both) DA Mechanics treatments, SP understanding scores near Null treatment
B || R R participants use a * Even best DA Mechanics understanders not especially likely to be good SP understanders
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. specific instance. Py 71 %
* And we relay novel menu versions of each (Hammond, 1979) R 3 o s - T
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(a) A“menu” of Obtainable Prizes, which you may receive, is determined ’ shown here.) ® 40 .
using only the other participants’ rankings. 3 n T Thetnes = . T 25
(b) Out of this menu, you receive your highest-ranked prize. e 3 T § 0
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= Our 5 Treatments (aka, 5 Descriptions of DA and SP) How Do We Measure Strategyproofness Understanding? (3) Menu-SP conveys SP significantly better than others
D D e e n , , * Raises participants’ mean overall score, and sub-scores regarding definition of SP and
* Two DA Mechanics treatments: How one can “mechanically” calculate DA N QUGSU?”.S.OH applying how to maximize earnings.
1. Traditional DA Mechanics (Trad-DA): Participant-proposing DA algorithm AR ﬂ,:e Sefmltlonf of . (4) While effects on behavior are small on average, those
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